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Goal of Biological Image Processing
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How does Ilastik do it? – Random Forest

Machine Learning

Neural Network

Random 
Forest

…

…



Random Forest is made of Decision Trees

Geurts P et al., 2009, Mol Biosyst 

Input features:
X1: Intensity of Channel1
X2: Intensity of Channel2

Output classes:
Healthy Cells
Sick Cells
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Machine learning requires training data



Thank you! 
And Demo time

qlscenter@duke.edu
ziqi.lu@duke.edu
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